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Stop and Frisk around the Country’

By DAVID S. ABRAMS AND PRIYANKA GOONETILLEKE

Across the United States, police departments engage in proactive policing tactics in which officers
attempt to preempt criminal activity rather than simply respond to it. The most prominent of these
tactics is stop and frisk (also known as stop, question, frisk or SQF), which increased greatly in use
during the 2000s and has generated controversy and litigation for over two decades (Majmundar
and Weisburd 2018). Under this practice, police officers may briefly detain individuals on foot or in
a vehicle (a “stop”) based on reasonable suspicion of criminal activity, and if they suspect that the
person is armed, conduct a pat-down search (a “frisk”) for weapons. In the case of vehicle stops, they
may also search the vehicle itself if they have probable cause to believe that evidence of a crime is
concealed inside.' While law enforcement officials often cite it as an essential tool for crime preven-
tion and weapon recovery, the practice has faced sustained criticism and legal challenges, particularly
regarding racial disparities, in its application. The Department of Justice, the ACLU, and other orga-
nizations have brought cases against numerous departments over their use of stop and frisk, leading
to cases such as Bailey v. City of Philadelphia and Floyd v. City of New York.

Because most policing data are recorded at the local level and have historically not been aggre-
gated nationally, few studies have attempted a broad overview of SQF across major US cities (see,
e.g., Abrams, Fang, and Goonetilleke (2022); Ba et al. (2021); MacDonald and Fagan (2019); and
Feigenberg and Miller (2022) for city-specific analyses). Recently, data availability has increased,
allowing us to aggregate information on over eight million stops from 16 large cities from 2019 to
2023. This allows an initial look at the extent of variation in the tactic’s use and efficacy.

We find immense variation in the rates of stops and frisks across cities—by nearly two orders of
magnitude. These differences are not correlated with crime or poverty rates, which vary by at most a
factor of four. They also vary far more than police expenditures or manpower, which differ by at most
a factor of four across the cities we examine. We also explore the productivity of frisks and find a great
deal of variation along this dimension as well, with success rates in finding any contraband from frisks
ranging from roughly 75 percent in the most effective departments to less than 20 percent in the least
effective ones in 2023. We collect a large amount of data on city, crime, and police characteristics and
do not find strong correlations with stop-and-frisk rates.

These facts raise the question of why there is so much variation in stop-and-frisk tactics. Is this
a phenomenon unique to policing, or is it a broader feature of services supplied by municipalities,
where knowledge diffusion may not be as great or as rapid as in markets with nongovernment provid-
ers? We cannot answer all of these questions in this paper, but we take an initial step by presenting
new data about stop-and-frisk policing.’

1. Stop-and-Frisk Data

We sought data on both pedestrian and vehicle stops directly from each of the 20 largest US cities,
gathering information on the prevalence of stops and frisks and contraband discovery rates. Where
possible, we downloaded data directly from city data portals. All other cities were contacted directly,

*Abrams: University of Pennsylvania (email: dabrams@upenn.edu); Goonetilleke: Northwestern Law School (email:
priyanka.goonetilleke @law.northwestern.edu). Thanks to Daniel Bronfman, Neha Krishna, Louis Li, Max Speil, and Nicholas
Wau for outstanding research assistance.

"Go to https://doi.org/10.1257/pandp.20261050 to visit the article page for additional materials and author disclosure
statement(s).

"'We will generally refer to vehicle frisks and searches together as vehicle frisks.

2See also Abrams and Goonetilleke (2025).

382


https://doi.org/10.1257/pandp.20261050
mailto:dabrams@upenn.edu
mailto:priyanka.goonetilleke@law.northwestern.edu
https://doi.org/10.1257/pandp.20261050

VOL. 116 STOP AND FRISK AROUND THE COUNTRY 383

some repeatedly. Eventually, we obtained at least some data from all cities other than Phoenix,
Jacksonville, Indianapolis, Denver, and Oklahoma City."

Our primary data consist of suspect-stop level records from each city, and we restrict the time
period to 2019 through 2023. This yields 1,828,923 pedestrian and 6,330,777 vehicle stops for the
main analysis. Eleven cities provided data for both pedestrian and vehicle stops. Seattle and New
York City supplied only pedestrian-stop data, while Dallas, Houston, and Fort Worth provided only
vehicle-stop records; thus, the number of cities varies by stop type. These records document whether
a frisk or search occurred and if contraband was discovered.’ See the Supplemental Appendix for
details on the supplementary data sources used in this study.

II. Variation in Stops and Frisks

The most striking feature of the data—the vast dispersion across cities in basic stop-and-frisk
rates—can immediately be seen in Figure 1. Panel A shows daily pedestrian frisk and stop rates per
million residents in 2023, and panel B shows those rates for vehicle stops.” While all of the cities
presumably have similar aims for their stop-and-frisk programs, there is immense variation in their
usage of it, with per capita stop rates spanning nearly two orders of magnitude.

A visual inspection of panel A shows that the great variation in the number of both stops and frisks
is not simply due to one or two outliers. Vehicle stops (panel B) also show dramatic variation across
cities and over time. In 2019, Philadelphia conducted a striking 842 vehicle stops per million residents
daily—more than 15 times the number in Chicago, which had the fewest stops (Supplemental Appendix
Table B2). While the median number of vehicle stops declined by nearly half from 2019 to 2023, there
was still an order-of-magnitude difference between the highest- and lowest-stop cities in 2023.f

Nearly all cities conduct more vehicle than pedestrian stops, though the ratio varies considerably.
In 2023, for instance, Philadelphia recorded more than ten vehicle stops for every pedestrian stop,
while Milwaukee’s ratio was roughly 30 to 1. The only departures from this pattern were Chicago,
San Diego, and Washington, DC, in 2019 and Oakland in 2023, each of which recorded more pedes-
trian than vehicle stops.

We analyze contraband discovery using two measures. The first, “guns,” specifically tracks firearm
discoveries. The second, “overall,” encompasses drugs, weapons, and stolen property discoveries,
with drugs being the most commonly found item. Hit rates (the proportion of frisks resulting in the
discovery of contraband) for contraband also vary tremendously—by over a factor of four across
cities (Supplemental Appendix Table B1). In 2023, general contraband-hit rates for pedestrian frisks
range from 18 percent (Washington, DC) to 75 percent (San Francisco), while gun-hit rates are con-
sistently lower, between 2 percent and 9 percent./

III. Correlates of Stop and Frisk

The stark variation in police activity across cities raises the question of what is the cause. To inves-
tigate, we gather data on a number of characteristics that could plausibly be related to the differences.
In Table 1, we present summary statistics of characteristics of the cities in our sample. We begin by
examining census data, including population, racial composition, poverty rates, and income per cap-
ita. City size varies appreciably, from around 300,000 in Cincinnati to over 8 million in New York. But
given that our policing measures are per capita, population differences alone cannot explain the level
of variation we observe. Other demographic data vary much less. Poverty rates vary from 8 percent in

3We also obtained data from four other cities in large metro areas, Washington, D.C., Milwaukee, Oakland, and Cincinnati.

4Most cities specify the type of contraband, allowing us to identify firearm recoveries, although Austin, Cincinnati, Dallas,
Fort Worth, and Houston’s data lack sufficient detail to make this classification.

3 See Supplemental Appendix Tables B1 and B2 for additional summary statistics for 2019 and 2023.

6See Supplemental Appendix Figures C1 and C2 for time series of median daily stops and frisks, respectively.

7See Supplemental Appendix Figures C3 and C4 for time series of mean annual gun and overall contraband hit rates,
respectively.
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FIGURE 1. DAILY FRISKS VERSUS STOPS PER MILLION RESIDENTS, 2023

San Jose to 22 percent in Milwaukee. Income per capita ranges from just under $30,000 in Milwaukee
to over $88,000 in San Francisco. While large, this variation is far less than the order-of-magnitude
differences in policing measures.

We next examine crime rates. We focus on serious crimes that are more likely to influence police
department policies: overall violent crime, murder, rape, aggravated assault, and robbery. We find
meaningful variation across cities. Oakland, the city with the highest violent crime rate, reports
approximately four times the rate as San Diego, the city with the lowest. We see greater cross-city
variation when we look at individual crime categories. Murder rates vary by a factor of 14, rape by a
factor of 4, aggravated assault by a factor of 8, and robbery by a factor of 11. Though considerably
smaller than the variation in stop-and-frisk rates, these differences are substantial enough to warrant
investigation as a potential driver of stops and frisks. Perhaps cities with high crime rates respond by
increasing frisks substantially. Or perhaps cities with very low frisk rates have substantially higher
rates of violent crime.
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TABLE 1—CITY CHARACTERISTICS (2023)

Below Income per Police Sworn Violent Daily vehicle
poverty (%) capita ($) budget ($M)  officers crimes Murder Rape miles (K)

Austin 12 64,182 452 1,519 4,872 83 334 2,641
Chicago 16 48,954 638 4,426 6,021 188 467 11,538
Cincinnati 20 40,759 541 2,944 7,323 235 659 18,016
Dallas 13 78,479 736 4,922 10,495 389 292 12,679
Fort Worth 16 45,146 434 2,339 6,775 217 281 4,852
Houston 12 38,088 289 1,702 4,797 94 561 -
Los Angeles 19 41,579 414 2,238 10,687 158 338 3,592
Milwaukee 16 46,699 446 2,333 5,467 57 282 3,843
New York City 22 29,800 500 2,880 14,224 385 488 5,429
Oakland 18 50,764 620 4,034 6,531 47 136 5,469
Philadelphia 14 60,823 769 1,627 17,271 289 440 -
San Diego 20 37,973 470 3,511 9,849 293 299 8,274
San Francisco 11 56,642 427 1,280 4,123 32 156 3,434
San Jose 12 88,336 703 2,310 6,865 63 318 5,456
Seattle 8 63,575 496 1,109 5,362 28 458 2,512
DC 10 83,303 478 1,410 7,664 101 188 10,483
Mean 14.9 54,694 526 2,537 8,020 166.0 356 7,016
SD 4.0 17,265 132 1,166 3,646 122.9 146 4,584

Notes: Below poverty is the proportion of households below the poverty thresholds set by the Census Bureau. Police budget
data are from 2022 and reported per million residents. Law enforcement officers are defined as individuals who ordinarily
carry a firearm and badge, have full arrest powers, and are paid from governmental funds allocated for sworn law enforcement,
reported per million residents. Violent crime is the sum of murders, rapes, aggravated assaults, and robberies. Daily vehicle
miles refers to travel on local roads within the urbanized area in 2019, reported per million residents.

We examine these hypotheses below but first present one other dataset that might be expected to
be related to police tactics: police resources. Expenditures on policing per capita vary by less than a
factor of three, with the lowest level in Fort Worth and the highest in Oakland. Officers per resident
vary by roughly a factor of four. But officers per murder vary by over an order of magnitude.

We now turn to a correlation analysis in Table 2 to assess whether demographics, police resources,
or crime rates can explain the variation in stop-and-frisk activity across cities. The table uses Spearman
rank-based correlation calculations to be robust while handling data with such high variance. Cells in
the brightest red (green) shades have the largest negative (positive) correlations.]

Surprisingly, neither department budgets nor police staffing levels show strong correlations with
the number of stops or frisks. This holds whether we measure resources per capita or relative to
violent crime rates. This suggests that resource availability is not the primary driver of variation in
stop-and-frisk practices across cities. Further, there is no clear relationship between crime rates and
the frequency of stops and frisks. Thus, the large variation in crime rates does not explain the dramatic
differences in stop-and-frisk implementation across cities.

Daily average vehicle miles traveled in each city is positively correlated with both vehicle stops
and frisks, but the relationship is weak. Precipitation is associated with fewer pedestrian stops and
frisks, likely reflecting both fewer pedestrians on the streets and fewer officers outside to stop them.’

To illustrate the inability of these factors to explain the observed variation in stop-and-frisk
implementation, consider a direct comparison of Washington, DC, and Philadelphia in 2019
(Supplemental Appendix Table B1). The two cities have very similar racial compositions and crime
rates. Philadelphia is a substantially poorer city with an average income over 50 percent lower and a
poverty rate 7 percentage points higher in 2023. Yet in 2019, Washington, DC, conducted almost 3.5
times as many frisks as Philadelphia.

8 We also ran each pairwise correlation as a regression, with consistent results.
9 Precipitation data obtained from Smith (2024).
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TABLE 2—CORRELATIONS BETWEEN STOP-AND-FRISK METRICS AND CITY CHARACTERISTICS (2023)

Stops Frisks

Pedestrian Vehicle Pedestrian Vehicle

Percent below poverty level _ —0.26 0.42
Per capita income 0.35 0.20 039
Police budget per capita 0.11 0.18 —0.14

Sworn officers per capita —0.02 0.32 —0.07 0.27
Officers per violent crime 0.16 0.13 0.04 0.34
Violent crimes —0.19 0.29 —0.03 —0.13
Murder —0.03 0.36 —0.10 —0.11

Rape —0.13 | —029 | —0.19 —0.06
Ageravated assaul IESOSIN. 0560 ORI oo

Robbery 0.14 —-0.07 0.27 —0.05
Daily vehicle miles —0.06 0.13 —0.01 0.17
Precipitation —0.13 —0.03 —0.14 0.05
Police perception —0.15 0.01

Notes: Below poverty is the proportion of households below the Census Bureau poverty thresh-
old. Police budget data are from 2022. Law enforcement officers are defined as individuals who
ordinarily carry a firearm and badge, have full arrest powers, and are paid from governmental
funds allocated for sworn law enforcement. Violent crime is the sum of murders, rapes, aggra-
vated assaults, and robberies. Crime rates are annual incidents per million residents. Vehicle
miles refers to per capita travel on local roads within the urbanized area in 2019. Police percep-
tion is the ratio of tweets related to police classified as positive to those classified as negative.
Both pedestrian and vehicle stop data are available for Austin, Chicago, Cincinnati, Los Angeles,
Milwaukee, Oakland, Philadelphia, San Diego, San Francisco, San Jose, and Washington, DC.
New York City and Seattle report pedestrian stops only; Dallas, Fort Worth, and Houston report
vehicle stops only.

We can also see the converse—that differences in these characteristics are not necessarily asso-
ciated with differences in the use of stop and frisk. For example, consider Washington, DC, and San
Diego in 2023. Washington, DC, experiences substantially higher rates of violent crime than San
Diego—more than double the overall rate with ten times the murder rate—and has access to greater
resources—nearly double the per capita budget and approximately four times the officer-to-population
ratio. Yet the difference in frisk rates between the two cities is remarkably small, with Washington,
DC, conducting roughly 10 percent fewer pedestrian frisks than San Diego in 2023.

Finally, we consider whether greater use of SQF is associated with public sentiment toward police.
We measure sentiment using the ratio of positive to negative tweets about police in each city."| While
the number of frisks is negatively correlated with this sentiment measure, the number of stops shows
no such correlation, suggesting that the relationship is likely spurious.

IV. Conclusion

This paper has assembled and analyzed one of the most comprehensive datasets on stop-and-frisk
policing to date, covering over eight million stops across 16 of the nation’s largest cities.'!| In doing
so, it makes several contributions to the literature. First, it expands the geographic scope beyond the
handful of cities most often studied, allowing for direct comparisons across regions with very differ-
ent policing contexts.

Perhaps the most notable finding is the immense variation across cities in their use of stop and
frisk. This leads to several potential hypotheses. In this paper, we have attempted to test some of the

10See the Supplemental Appendix for details on the construction of this measure.
1See also Pierson et al. (2020), which examines racial disparities in stops across a large number of jurisdictions.
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most obvious—namely, that stop-and-frisk usage is related to city characteristics such as crime or
poverty rates. We find no strong or consistent correlation. We also examine whether stop-and-frisk
usage is related to policing characteristics, such as the per capita police force or expenditures on it.
We again do not find any strong or consistent relationship.

Having ruled out some of the more obvious hypotheses, we turn to other possibilities. One is that
data collection practices on police stops vary so much across cities that the data are not comparable.
There is certainly some truth to this, but it is unlikely to explain over an order of magnitude variation
in stop rates and massive variation in hit rates. Audit studies in some of the cities examined (New York
and Milwaukee) show that stops are undercounted, by an estimate of around 40 percent in New York.
While large, this could only explain a small amount of the variation we observed.

Further, as California mandates uniform collection of vehicle stops, that should enforce some data
uniformity across those cities for vehicle stops. However, the variation in vehicle stops exceeds that
for pedestrian stops. Thus, while data collection issues may contribute to some of the observed differ-
ences across cities, there is still an immense amount that remains.

The substantial variation across cities in the use of stop-and-frisk policing seems like a mystery.
One might expect cities to copy successful practices employed in other locations. This is, after all,
the promise of federalism. If there is competition across cities, then we would expect this to happen
on various dimensions.

One possible explanation is that stop and frisk simply doesn’t matter. That is not to say that polic-
ing doesn’t matter. One of the most robust findings in the law and economics of crime is that police
deter crime (Chalfin and McCrary 2017; Di Tella and Schargrodsky 2004; Klick and Tabarrok 2005;
Mello 2019). But there is far less evidence about whether the precise activities police engage in
impact crime.

Perhaps stop and frisk does not meaningfully increase the ability to solve crimes, capture suspects,
or recover contraband. If this is true, then we might expect exactly the kind of consistency we see
across cities, which is to say no consistency at all.
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